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Abstract: We introduce MESironic, a multimodal corpus for irony detection in
spontaneous Peninsular Spanish. The dataset comprises 6000 short audio clips
with manually verified transcriptions, evenly split between ironic and non-ironic
instances. Each sample contains the raw waveform and its text transcription. We
describe the source material, the annotation protocol, and the main statistical prop-
erties of the collection. To provide a first benchmark, we evaluate a text-only baseline
(TF-IDF+SVC) and a simple multimodal baseline that concatenates MFCC-derived
acoustic features with the same textual representation. The multimodal system out-
perform the text-only model, confirming that acoustic and linguistic cues are com-
plementary for irony detection. The dataset is publicly available to foster research
in multimodal irony understanding in Spanish.
Keywords: irony detection, Spanish language resources, multimodal dataset, mul-
timodal NLP

Resumen: Presentamos MESironic, un corpus multimodal para la detección de
irońıa en español peninsular espontáneo. El conjunto de datos está compuesto por
6000 fragmentos de audio breves con transcripciones verificadas manualmente, dis-
tribuidos de forma equilibrada entre ejemplos irónicos y no irónicos. Cada muestra
contiene la señal de audio y su transcripción. Describimos el material de origen,
el protocolo de anotación y las principales propiedades estad́ısticas de la colección.
Para ofrecer una primera referencia de rendimiento, evaluamos un sistema base
de solo texto (TF-IDF+SVC) y un sistema base multimodal que concatena carac-
teŕısticas acústicas derivadas de MFCC con la misma representación textual. El sis-
tema multimodal supera al modelo solo texto, confirmando que las señales acústicas
y lingǘısticas son complementarias para la detección de irońıa. El conjunto de datos
está disponible públicamente para fomentar la investigación en comprensión multi-
modal de la irońıa en español.
Palabras clave: detección de irońıa, recursos del idioma español, corpora multi-
modales, PLN multimodal

1 Introduction

Irony has long been a subject of inquiry
across philosophy, linguistics, and commu-
nication studies. Its interpretation depends
heavily on contextual knowledge, shared as-
sumptions, and pragmatic inference, mak-
ing it a particularly challenging phenomenon
both for humans and for computational sys-
tems. If speakers themselves sometimes
struggle to identify ironic intent, building

systems that can recognize it requires a care-
ful theoretical grounding as well as suitable
empirical resources.

Within linguistic theory, one of the most
influential accounts of irony is provided
by Sperber and Wilson’s Relevance Theory
(Wilson y Sperber, 2012). Their framework
posits that communication is guided by the
search for optimal relevance: an utterance
is relevant when the cognitive effects it pro-



duces justify the effort required to interpret
it. Building on this perspective, Sperber and
Wilson describe irony as a form of echoic
mention in which speakers implicitly evoke a
thought, expectation, or norm and convey a
critical or mocking stance toward it (?). This
view emphasizes that irony is not merely a
stylistic device but a pragmatic mechanism
grounded in shared knowledge and contex-
tual inference. Such contextual dependence
is further elaborated by Kreuz, who notes
that ironic meaning often emerges through
what he terms juxtaposition, namely the tem-
poral or situational relationship between an
utterance and the circumstances surrounding
it (Kreuz, 2020). For instance, the utter-
ance “What lovely weather!” acquires ironic
meaning when produced during a storm but
not when referring to a past sunny day. Like-
wise, irony presupposes a degree of shared
common ground between interlocutors, which
explains why speakers are more likely to em-
ploy it among familiar audiences than among
strangers. These pragmatic conditions con-
tribute to the ambiguity of ironic language
and to the risk of misunderstanding.

Another well-documented characteristic of
irony is its asymmetric polarity. Speakers
frequently employ positively valenced expres-
sions to refer to negative situations, a pattern
that Sperber and Wilson relate to the ironic
echoing of violated social expectations (Wil-
son y Sperber, 2012). Such mechanisms high-
light the strong sociocultural component of
irony, suggesting that its interpretation varies
across communities and communicative set-
tings.

Beyond contextual factors, irony often re-
lies on extralinguistic cues. Prosody in par-
ticular plays a central role: speakers com-
monly associate irony with a distinctive de-
livery characterized by flatter intonation,
slower tempo, or reduced pitch variability
(Wilson y Sperber, 2012). Although no sin-
gle acoustic pattern universally signals irony,
prosodic cues frequently interact with lexi-
cal meaning to guide interpretation. This
inherently multimodal nature of irony poses
a challenge for computational modeling, as
most existing resources focus exclusively on
textual information.

Indeed, a preliminary survey of available
corpora reveals that resources for irony detec-
tion in Spanish remain scarce and are over-
whelmingly text-based. While datasets de-

rived from social media or online discourse
are useful for studying written irony, they
do not capture the prosodic and interactional
features of spoken communication. Existing
multimodal corpora are either limited in size,
restricted to scripted audiovisual material, or
lack the balanced annotation required for ro-
bust machine learning applications.

Motivated by these limitations, we in-
troduce MESironic, a multimodal dataset
designed specifically for irony detection in
spoken Peninsular Spanish. The corpus
combines synchronized textual transcriptions
with acoustic information extracted from
spontaneous speech. In addition to present-
ing the dataset, we establish baseline results
that validate the effectiveness of multimodal
modeling for irony detection in Spanish. By
making this resource publicly available, we
aim to support future research on figurative
language, multimodal semantics, and speech-
based natural language understanding.

2 Related Work

Research on irony detection has historically
focused on written language, particularly
short texts from social media platforms such
as Twitter (for example, TweetEval (Barbi-
eri et al., 2020)). These resources have been
instrumental in advancing computational ap-
proaches and have supported the develop-
ment of both linguistic feature-based mod-
els and neural architectures. However, their
reliance on textual input alone limits their
ability to capture prosodic, acoustic, and vi-
sual cues, such as intonation, gesture, or fa-
cial expression, that often play a central role
in ironic communication (Attardo, 2000).

This limitation is especially evident in
Spanish. Existing corpora are predominantly
derived from online discourse, including early
work on irony and humor detection in writ-
ten Spanish (Reyes, Rosso, y Buscaldi, 2012).
Resources such as the Spanish Online Fo-
rums Corpus (SoFoCo) (Justo et al., 2018)
have been useful for sentiment analysis in so-
cial networks, but they remain restricted to
textual data and are primarily oriented to-
ward detecting sarcasm and hostile language.
Likewise, the multilingual perspectivist cor-
pus MultiPICo (Casola et al., 2024), while in-
novative in modeling annotator disagreement
and sociocultural variation, is sourced exclu-
sively from written platforms and therefore
does not include acoustic or interactional in-



formation.

Efforts to incorporate multimodality into
irony detection have been more prominent in
English-language research. Datasets such as
MUStARD (Castro et al., 2019), which con-
tains audiovisual excerpts from television se-
ries, have enabled the exploration of mod-
els that jointly process text, speech, and vi-
sual signals. Studies using such datasets con-
sistently demonstrate that cross-modal prag-
matic incongruities, such as a positive lexical
statement delivered with a negative prosodic
contour, constitute strong indicators of sar-
castic intent (Zhuang et al., 2025; Wei et
al., 2024). Despite these advances, compa-
rable multimodal resources for Spanish re-
main scarce and fragmented (Malik, Tomás,
y Rosso, 2023).

Among the few Spanish multimodal ini-
tiatives, the corpus compiled by Casa Gómez
(de la Casa Gómez, 2021) provides record-
ings from television programs that include
authentic spoken interactions. However,
its 432 instances (all ironic) and the lack
of non-ironic examples limit its suitability
for training machine-learning models. An-
other relevant effort is the multimodal cor-
pus “¡Qué maravilla!” (Hämäläinen, 2016),
which includes both ironic and non-ironic ex-
amples aligned with audio and text. Nev-
ertheless, this dataset relies on dubbed an-
imated series and combines Peninsular and
Latin-American Spanish varieties, resulting
in speech that is partially scripted and pro-
duced in controlled recording environments.
As Kreuz observes, such “posed” sarcastic
speech may reflect speakers’ beliefs about
irony rather than its spontaneous use in nat-
ural interaction (Kreuz, 2020).

Taken together, previous work on Span-
ish irony reveals a persistent gap: Span-
ish irony datasets are overwhelmingly text-
based, while existing multimodal resources
are either limited in scale, derived from
scripted media, or not representative of spon-
taneous spoken language. These limitations
restrict the development of models capable of
capturing the pragmatic and prosodic dimen-
sions of irony in real communicative contexts.

MESironic directly addresses this gap by
providing synchronized audio and text repre-
sentations of spontaneous spoken Peninsular
Spanish. By focusing on spontaneous interac-
tion and balanced ironic/non-ironic annota-
tion, the dataset enables systematic investi-

gation of irony as a multimodal phenomenon
and supports the development of models that
go beyond text-only approaches, contributing
to the growing research area of multimodal
NLP for under-resourced languages.

3 The MESironic Dataset

This section introduces MESironic, a multi-
modal dataset designed for irony detection in
spoken Peninsular Spanish. The dataset ad-
dresses the lack of publicly available resources
that combine acoustic and textual informa-
tion for the study of irony in natural spoken
Spanish.

3.1 Data Collection

The dataset consists of short spoken ut-
terances extracted from publicly available
audiovisual content, primarily videos and
podcasts published on platforms such as
YouTube. In total, 123 hours and 16 minutes
of audio from 87 recordings were reviewed to
identify relevant segments. Additional ma-
terial was incorporated from the Val.Es.Co.
research group’s colloquial speech corpus (?).
Table 1 presents the distribution of samples
by source type.

Sources were selected to prioritize sponta-
neous, non-formal speech and to capture di-
verse communicative contexts. Most samples
originate from conversational settings and
therefore include natural interactional phe-
nomena such as hesitations, interruptions,
and overlapping speech. To reduce exces-
sive linguistic and cultural variability relative
to dataset size, only Peninsular Spanish was
included, since culture-dependent pragmatic
factors play a central role in irony interpre-
tation.

Several guidelines guided the extraction of
samples. Initially, videos were selected based
on their potential to contain ironic utter-
ances, focusing on two types: (1) interactions
among speakers who share common ground,
which tends to facilitate irony production,
and (2) informal debates, where irony may
serve to mitigate face-threatening acts. Once
videos were selected, the first annotator lis-
tened to the audio and extracted segments
she identified as potentially ironic. The ex-
tracted units correspond to speech acts as de-
fined by the Val.Es.Co. group: the minimal
unity of action and intention, that possesses
isolability and identifiability properties in a
given context (?). Ironic samples are speech



Source Type Samples Avg. Duration (s) Avg. Words
Stand-up comedy 36 2.47 8.97
Podcast (one speaker) 324 4.01 13.60
Podcast (multi-speaker) 5387 3.36 11.57
Val.Es.Co. corpus 24 2.05 6.83
Live stream 232 6.15 19.06
Total 6003 3.49 11.93

Table 1: Dataset statistics per source type.

acts produced with ironic intent, constituting
minimal units that convey complete meaning.
Smaller units (subacts) would lack complete
meaning, potentially hindering irony iden-
tification, while larger units (interventions)
would dilute the ironic effect. To maintain
class balance, annotators extracted an equiv-
alent number of non-ironic samples from each
source, matched approximately for duration
with the ironic samples. This procedure en-
sured that the final corpus maintains a bal-
anced proportion of ironic and non-ironic in-
stances. The final version of MESironic con-
tains 6003 annotated samples.

3.2 Transcription and Alignment

Audio segments were automatically tran-
scribed using the Whisper speech recognition
system (Radford et al., 2022). The resulting
transcriptions were manually reviewed and
corrected by a graduate in Hispanic Studies
to reduce recognition errors while preserving
natural speech phenomena such as disfluen-
cies and incomplete constructions.

Preprocessing included segmentation
based on manually verified timestamps, nor-
malization of transcription conventions, and
alignment of acoustic and textual represen-
tations at the sample level. As a result, each
instance in MESironic contains synchronized
audio and text, enabling acoustic, textual,
and multimodal modeling.

3.3 Annotation Framework

3.3.1 Definition of Irony

Irony was defined following the rhetorical ac-
count proposed by (Kostenko, 2014), accord-
ing to which irony arises when the speaker’s
intended meaning contradicts the literal in-
terpretation of the utterance. Such contra-
diction may be conveyed lexically, prosodi-
cally, or pragmatically, and may not be re-
coverable from text alone.

A binary labeling scheme was adopted:

• Irony: the speaker’s intended meaning

contradicts the literal content of the ut-
terance. This contradiction may be ex-
pressed through wording, prosody, or
contextual cues.

• Non-irony: the utterance does not ex-
hibit such contradiction.

3.3.2 Annotator Involvement

Each sample was independently labeled by
three annotators. The annotation team con-
sisted of one linguist, one computer scien-
tist, and a rotating pool of ten university-
educated native Spanish speakers, who col-
lectively provided the third annotation for
each sample.

Annotators followed shared written guide-
lines and had access to surrounding audiovi-
sual context when making decisions. They
were instructed to focus on the speaker’s
communicative intention, compare it with
the literal meaning, and consider prosodic
and contextual cues when available. Hyper-
bolic or exaggerated expressions were not la-
beled as ironic unless they conveyed a mean-
ing opposite to the literal interpretation.

3.3.3 Annotation Interface and
Workflow

To support consistent and context-aware an-
notation, a custom graphical tool was devel-
oped in Python using the Qt framework. The
interface allowed annotators to navigate the
original audiovisual source, inspect surround-
ing context, and replay segments before as-
signing labels.

The overall annotation workflow is sum-
marized in Figure 1. Spoken segments are
first extracted from audiovisual sources and
automatically transcribed, followed by man-
ual correction. Annotators then label each
segment using the custom interface, which
provides access to audiovisual context and
playback controls. Each instance is indepen-
dently annotated by three annotators follow-
ing shared guidelines.



Audio Sources

Audiovisual data
(Youtube, Podcasts,
Val.Es.Co, Humor Corpus)

Segmentation & Transcription

Segmentation into short
utterances
Automatic transcription

Manual Correction

Manual Correction by
a linguist

Annotation Interface

Custom Qt-based
annotation tool
Playback controls
Label buttons (Irony / No
irony)
Annotation Guidelines

Independent Annotators

Three annotators per sample

Annotator 1 Annotator 2 Annotator 3
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Scientist

Rotating
Volunter

Label Aggregation

Majority voting
(experimental
settings)

Released Dataset

MESironic dataset: 6003
samples, balanced, with
audio, text, and all
annotations 

Figure 1: Annotation workflow for the MESironic dataset. Spoken segments are transcribed and
manually corrected, then labeled by three annotators using a custom interface with audiovisual
context. Final labels are set by majority vote, with all individual annotations retained.

Given the inherently subjective nature of
irony perception, all individual annotations
are retained in the dataset. For the experi-
ments reported in this paper, labels are de-
rived through majority voting.

3.4 Dataset Statistics and
Agreement

The final dataset contains 6003 instances. It
is well balanced, with 3045 ironic (50.72%)
and 2958 non-ironic (49.28%) samples. The

average length is 11.9 words per sample and
3.6 seconds per utterance (see Table 1).

Inter-annotator agreement was measured
using Fleiss’ Kappa, yielding a value of 0.65,
indicating substantial agreement. Despite
the inherently subjective nature of irony per-
ception, this value reflects the overall consis-
tency of the annotation process and the clar-
ity of the annotation guidelines.



3.5 Train/Test Split

We randomly split the 6003 samples into a
training set of 5100 instances (2587 ironic,
2513 non-ironic) and a test set of 900 in-
stances (458 ironic, 445 non-ironic) using
stratified sampling to preserve class balance.
The test set is held out and used only for final
evaluation.

3.6 Examples

We present representative ironic samples
from the MESironic dataset, illustrating the
variety of ironic expressions captured:

• Fue Vı́ctor. Haciendo amigos, d́ıa uno.
(It was Victor. Making friends, day
one).
→ The speaker attributes a conflict to
“Victor” ironically, implying the oppo-
site of making friends.

• Puede ser que los de Pringles ya tu-
vieran la primera impresora 3D en el 73.
(It’s possible that Pringles already had
the first 3D printer in ’73).
→ Absurd anachronism mocking the
tendency to attribute modern inventions
to the past.

• A ver, alguno se pondrá contento porque
es una Xbox. (Well, someone will be
happy because it’s an Xbox).
→ Said dismissively about a prize, im-
plying it is not actually desirable.

3.7 Availability and Ethical
Considerations

MESironic is derived exclusively from pub-
licly available material and includes only
short excerpts necessary for research pur-
poses. No personally identifiable information
is included, and speaker identities are not dis-
closed.

The dataset is released for research use
under an open license, together with meta-
data, annotations, and documentation de-
scribing the annotation process and intended
use.Links to the original sources are provided
to ensure transparency and traceability.

4 Baseline Systems

To establish strong reference points for the
MESironic dataset, we implemented a set
of baseline models leveraging both textual
and acoustic modalities. On the textual

System Precision Recall F1
ELiRF-UPV 0.60177 0.60153 0.60025

Table 2: Test performance of the
ELiRF-UPV baseline on the text-based
modality of the MESironic dataset.

System Precision Recall F1
ELiRF-UPV 0.60984 0.60926 0.60865

Table 3: Test performance of the
ELiRF-UPV baseline on the multimodal
setting of the MESironic dataset.

side, utterances were represented using TF-
IDF features (up to 10,000 dimensions) with-
out stopword removal, followed by MinMax
scaling, and classified using a Support Vec-
tor Machine (SVC). For the multimodal
baseline, we incorporated prosodic informa-
tion by extracting Mel-Frequency Cepstral
Coefficients (MFCCs) from the audio sig-
nals, which were subsequently aggregated via
mean pooling. These acoustic descriptors
were concatenated with the textual features
to form a joint representation. A Support
Vector Classifier (SVC) with an RBF kernel
was then trained, with hyperparameters op-
timized through grid search and class balanc-
ing enabled. These baselines provide a simple
yet effective framework to benchmark irony
detection on MESironic, demonstrating the
contribution of combining lexical and acous-
tic cues while maintaining a relatively low
computational cost.

As shown in Table 2 and 3, the ELiRF-
UPV baseline obtains an F1-score of 0.60025
text-based modality, with precision and recall
values of 0.60177 and 0.60153, respectively.
In multimodal, the system reaches an F1-
score of 0.60865, with a precision of 0.60984
and a recall of 0.60926. These results reflect
a difference between the text-only and multi-
modal settings, with higher values observed
when acoustic features are incorporated.

5 Conclusion and Future Work

This work introduced MESironic, a new mul-
timodal corpus for irony detection in spoken
Peninsular Spanish, and presented a system-
atic evaluation of unimodal and multimodal
modeling strategies on this dataset. The ex-
periments reveal a consistent performance hi-
erarchy across modalities: text-only systems
exhibit the lowest stability and highest vari-
ance, audio-only systems provide substan-



tial improvements by capturing prosodic and
paralinguistic cues, and multimodal systems
achieve the highest and most robust perfor-
mance overall. These findings confirm that
irony in spoken discourse arises from the in-
teraction between semantic content and vo-
cal realization, and that reliable detection
therefore requires integrating both modalities
rather than relying on either in isolation.

Beyond the immediate empirical findings,
the results also provide evidence for the lin-
guistic importance of prosody in pragmatic
interpretation. Acoustic features alone al-
ready offer strong predictive power, under-
scoring their role in signaling speaker inten-
tion. However, combining them with textual
representations consistently yields more ro-
bust predictions, supporting the view that
irony detection (and more broadly, spoken
language understanding) requires integrating
lexical meaning with paralinguistic expres-
sion. In this sense, this study contributes not
only a new dataset but also a benchmark for
advancing research on multimodal pragmat-
ics in Spanish.

Limitations. Despite these contributions,
several limitations remain. First, the dataset
is restricted to utterance-level annotations,
a design choice that enables controlled ex-
perimentation but limits the ability of mod-
els to capture broader discourse context or
speaker-specific patterns that may be essen-
tial for interpreting irony in natural conver-
sation. Second, although the corpus incorpo-
rates both text and audio, it does not yet in-
clude richer conversational metadata such as
interaction structure, speaker relationships,
or audience response, all of which may influ-
ence ironic interpretation. Third, the models
explored in this work rely on relatively sim-
ple fusion strategies; while this choice was
deliberate to establish clear baselines, more
sophisticated multimodal architectures may
yield further improvements. These limita-
tions suggest that the results presented here
should be interpreted as a strong baseline
rather than an upper bound.

Future Work. Building on these findings,
future work will explore several directions.
First, we plan to investigate more advanced
fusion mechanisms, including cross-modal at-
tention and transformer-based architectures
that can model interactions between modal-
ities at finer temporal granularities. Sec-

ond, we aim to incorporate contextual in-
formation beyond the utterance level, such
as discourse structure or conversational his-
tory, to address the context-dependent er-
rors identified in our analysis. Third, we
will extend the dataset with additional anno-
tations—for example, speaker demographics,
dialogue acts, or audience reactions—to en-
able richer pragmatic modeling. Finally, we
plan to investigate cross-domain and cross-
language generalization, building on recent
advances in spoken satire detection (Pan
et al., 2025; Barceló-Milkova1 et al., 2025;
Ahuir et al., 2026). By releasing MESironic
as a public resource, we hope to support fur-
ther research on prosody-aware language un-
derstanding and pragmatic modeling in spo-
ken communication, and to invite the com-
munity to build upon these baselines with
more sophisticated approaches.
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